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Development of Image Classification Software for Electrical Equipment in Power Distribution Systems

using Artificial Intelligence
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Abstract

The maintenance of electrical equipment in the transmission line system is required to maintain the stability and
efficiency of the delivery. Currently, the electricity distribution system has a large network that covers the entire region of the
country. Therefore, the electrical equipment database in the transmission system is very necessary. This research proposed a
method of artificial intelligence (AI) for categorized electrical types of equipment in the distribution system, including three-
phase transformer, three-phase transformer with oil tank, single-phase transformer, and load brake switch. The Faster-RCNN is
a technique employed to train the Al model. In the experiment, the range of training epoch was from 10,000 to 300,000 epochs.
As the results, it is found that the training with over 50,000 epochs gave the accuracy of classification with sensitivity and

specificity more than 95%.
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2.1 Faster Region-based Convolution Neural Networks
(Faster R-CNN) [3]
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