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Abstract

Spare parts are usually characterized of having intermittent demand patterns with no demand in periods and sudden some
or high demand in periods. This leads to the difficulty of effective spare parts inventory management. This paper presents a
comparison of spare parts demand forecasting method for intermittent demand with parametric and nonparametric methods. Three
parametric forecasting methods are 1. Simple Exponential Smoothing, 2. Croston’ s Method and 3. Syntetos and Boylan
Approximation. Two nonparametric forecasting methods are 1. WSS bootstrapping and 2. VZ bootstrapping. The demand forecast
are then used to calculate demand during lead time to determine reorder point and safety stock at a given service level. The results
show that reorder point of the parametric methods close to WSS bootstrapping and tend to have higher reorder points than that of

VZ bootstrapping.

Keywords : Forecasting, Inventory management, Intermittent demand, Bootstrapping
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